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__global  void distance kernel(point®

points, point*query_point, float™* distances)

{
const int idx = blockDim v*blockldx v + threadldx. v;
const float x_dif = (points[idx].x - query_point-=x);
const float v_dif = (points[idx].v - query_point->v);
distances[idx] = (x_dif *x dif) + (v_dif * v_dif};
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__global__wvoid sort_kernel(float*a , float*b, int size)

{
const int idx = blockDim y*blockldx.v +

threadldx.v;
intles=10;
integq =0;

for(int i=0 ; i < size ; i++)

iffa[1] = afidx]) les++;
else ifi(afi]==a[idx])& & i<idi) egq+;

}
b[les+eq] = a[1dx];
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